This paper studies the determinants of changes in unhappiness rate (low happiness, poverty of happiness, misery) over time. We focus on two post-socialist countries, Poland and Russia, which experienced radical social and economic transformations since the collapse of communism. Using data from the Polish Social Diagnosis project for 1991-2015 and data from the Russian Longitudinal Monitoring Survey for 1994-2014, we investigate the microeconomic determinants of spectacular declines in unhappiness rates observed in the studied periods in Poland (a 56% fall in unhappiness) and Russia (a drop in the range from 46 to 75% depending on the unhappiness threshold chosen). Using a nonlinear decomposition methodology, we split the overall decreases in unhappiness rates into characteristics effects (related to the changing distribution of unhappinessaffecting factors) and coefficients effects (due to changing returns to the unhappiness-affecting factors). Our results show that unhappiness reductions in both countries were mostly driven by coefficient effects, while characteristics played a smaller, but a non-negligible role. In both countries, income growth accounted for about 15% of the total unhappiness reduction. In Russia, this effect was doubled by growing return to income as unhappiness-protecting factor, while in Poland income has been losing protecting power and in overall income had an unhappinessincreasing effect. For Russia, another strong unhappiness-protecting factor was return to employment. In case of Poland, good self-rated health and having children explains additional 15-20% of the unhappiness reduction.
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Introduction
In recent years, the problem of distribution of self-rated happiness has become a growing field of study at the intersection of economics of happiness (Dolan et al. 2008 , MacKerron 2012 , Weimann et al. 2015 and traditional literature on income poverty and inequality. Data on happiness come usually from surveys in which respondents are asked about their happiness with possible answers coded on a 3-11 point ordinal scale. Several recent studies have attempted to measure happiness inequality by applying inequality measures such as variance or the Gini index to happiness scores (see, e.g., Stevenson and Wolfers 2008 , Dutta and Foster 2013 , Becchetti et al. 2014 . Much less attention has been devoted to exploring the concept of aggregate unhappiness or happiness poverty, which is defined as the proportion of population reporting low or unsatisfactory levels of happiness. One important exception is the study of Lelkes (2013) , who have investigated the microeconomic correlates of unhappiness for 29 European countries observed in 2008/2009 using data from the European Social Survey (ESS). She has found that unhappiness is strongly related to observable social and economic individual characteristics such as unemployment, poverty and social isolation. At the same time, these characteristics are much less correlated with reporting high levels of happiness ("bliss") .
In this paper, we contribute to the literature on unhappiness by identifying the individual microeconomic determinants of changes in unhappiness over time. To this end, we use a multivariate decomposition methodology developed by Yun (2004 Yun ( , 2005 Yun ( , 2008 , which is a nonlinear variant of the well-known Oaxaca-Blinder decomposition (Oaxaca 1973 , Blinder 1973 . 1 The decomposition applied to nonlinear regressions for the probability of being unhappy allows to measure how the differences in the demographic, social, economic and labour characteristics of individuals and households contribute to the change in aggregate unhappiness rate over time. This contribution is called characteristics effect. The remaining part of the decomposed change in the unhappiness rate, which is usually called the coefficients effect, accounts for the changing returns to the characteristics and shows what is the aggregate impact of changes in returns on the unhappiness rate. The advantage of the Yun's (2004 Yun's ( , 2005 Yun's ( , 2008 methodology is that it provides also the so-called detailed decomposition for both characteristics and coefficient effects into individual effects, which identify the separate contributions of each individual covariate affecting unhappiness.
2 This allows to formulate specific policy recommendations (concerning policies related to education, labour market, inequality or poverty, etc.) that would minimize avoidable misery (Lelkes 2013) . This paper contributes to the literature in three ways. First, we identify factors contributing to the changes in unhappiness over time, which to our best knowledge has not been studied yet. Secondly, we analyse the determinants of unhappiness and changes in unhappiness over time for individual countries observed over a relatively long period. This increases the probability of obtaining less biased results than those of Lelkes (2013) , which are based on the pooled sample of 29 European countries. Although Lelkes (2013) controls for observed heterogeneity in reporting happiness by including several control variables and country dum- 1 This methodology has been used extensively to explain differences in income poverty rates between various socio-economic or ethnic groups (see, e.g., Gang et al. 2006 , Gradín 2009 . 2 Several other nonlinear decomposition methodologies allow only for separating aggregate characteristics and coefficient effects, which account for a given effect of all covariates taken together. See Fortin et al. (2011) for a comprehensive review of decomposition methodologies in economics. An alternative approach providing also a detailed decomposition of differences or changes in given outcomes (e.g. incomes, happiness, health) is based on the so-called Recentered Influence Function (RIF) regressions. This methodology was used by Becchetti et al. (2014) to study the determinants of dynamics in happiness inequality. We prefer to use the Yun's methodology as it is slightly more suitable to use with nonlinear models. However, we have also applied the decomposition based on RIF regressions to our data and the results were in general robust to the choice of the methodology. mies in her estimations, there is also unobserved heterogeneity in reporting happiness due to different scales and benchmarks that people in different countries use to evaluate their happiness (see, e.g., Ferrer-i-Carbonell and Frijters 2004 , Beegle et al. 2012 , Angelini et al. 2014 This problem is somewhat reduced in the present paper as our analyses are performed separately for each country under study. Moreover, in the context of the present paper the problem of scale heterogeneity in reporting happiness is somewhat less relevant as our dependent variable is not the whole distribution of happiness scores, but only the proportion of people who report happiness no higher than a given unhappiness threshold. We also use a rich set of explanatory variables accounting for observed heterogeneity between individuals which includes socio-demographic individual characteristics, labour market variables, health indicators, wealth and income-related variables, social capital and religious preferences indicators, location and regional dummies, and others.
Thirdly, we contribute to the sizeable literature on the determinants of happiness in transition countries that underwent economic and political transformation from communism to democracy and market economies (see Selezneva 2011 Selezneva , 2016 and section 2.2 in this paper for a review of this research). Our analysis is performed for two post-communist countries, Poland and Russia, that have experienced dramatic economic, social and political changes in the process of transformation during the last 25 years. The choice of the countries and the period of analysis -from the early 1990s to the mid-2010s -is dictated by the fact that the transition process has produced in these countries large changes both in the correlates of happiness/unhappiness and also in the mean levels and in the distribution of happiness itself. In particular, as shown in section 4, the changes in unhappiness rates (proportions of persons reporting low levels of happiness) have been unusually large for Poland and Russia during the last 25 years. For Poland, the unhappiness rate has fallen by 56% between 1991 and 2015, while in Russia the fall is in the range from 46 to 75% depending on the unhappiness threshold chosen. We use survey data from the Polish Social Diagnosis project (Czapinski and Panek 2015) , which covers the period from 1991 to 2015, and data from the Russian Longitudinal Monitoring Survey (RLMS) covering the years 1994-2014. The latter dataset has been extensively used to study happiness in Russia in previous research (see, e.g., Graham et al. 2004 , Senik 2004 , Frijters et al. 2006 . There are also a few papers using the Social Diagnosis survey to study happiness in Poland (Baranowska and Matysiak 2011, Michoń 2014) . Both data sets deliver high-quality data on happiness and its potential correlates, while at the same time offering much bigger samples than the commonly used happiness data from the international projects such as the ESS or the World Values Survey (WVS).
The reminder of the paper is organized in the following way. Section 2 provides a short review of the literature studying inequality and poverty in terms of happiness as well as literature on the determinants of happiness in transition countries. The decomposition methodology is introduced in section 3, while the data and trends in unhappiness in Poland and Russia are discussed in section 4. We present our main empirical results in section 5 and conclusions in section 6. Most of the existing research on the distribution of happiness focuses rather on inequality of happiness than on poverty of it. The literature on happiness inequality can be divided into the macroeconomic and the microeconomic branch. The former is devoted to measuring the correlations between happiness inequality and macroeconomic phenomena like the GDP growth or economic fluctuations. Veenhoven (1990 Veenhoven ( , 2005a found that there is less happiness inequality in richer and more stable economies, while Veenhoven (2005b) discovered that happiness inequality was falling in the EU countries between 1973 and 2001, despite growing income inequality. Ovaska and Takashima (2010) observed that in the cross-country setting happiness inequality is correlated with income inequality, health inequality and bad institutions. The relation between happiness inequality, good governance and the size of government was studied by Ott (2013) . Clark et al. (2014) have found that happiness inequality (as measured by the coefficient of variation applied to happiness scores) is falling over recent decades in Australia, Great Britain, Germany and the United States.
5 Moreover, there is a positive association between real GDP per capita growth and lower levels of happiness inequality. The results of Clark et al. (2014) suggest also that the percentages of population with either very high or very low happiness are declining in the studied countries. In our context, it means that unhappiness in rich countries, at least for the specific low happiness thresholds assumed by Clark et al (2014) , has been falling in recent decades. Clark et al. (2015) show further that happiness inequality has been falling in the countries that experienced consistent income growth, but not in countries with some periods of falling real GDP per capita. The authors suggest that decreasing happiness inequality is associated with the greater supply of public goods such as education, health, public infrastructure and social protection.
The second strand of empirical research on happiness inequality explores microeconomic determinants of this kind of inequality. Stevenson and Wolfers (2008) and Dutta and Foster (2013) have applied various measures of inequality to happiness scores for US data from the General Social Survey (GSS). Both studies have found decreasing happiness inequality from the early 1970s up to 1990s, which was somewhat reversed in the 2000s. Both studies provide also microeconomic decompositions of overall happiness inequality by gender and race. In an important study, Becchetti et al. (2014) have studied the evolution of happiness inequality in Germany between 1992 and 2007. Using RIF regressions (see Fortin et al. 2011) , they have decomposed changes in inequality of happiness (as measured by the variance and the Gini of happiness scores) observed between two periods 1991-1993 and 2005-2007 . They have found that changes in happiness inequality are accounted for mainly by characteristics effects, while the coefficient effects are not significant. Among the characteristics effects, medium and high education as well as growth in average incomes had a sizable inequality-reducing impact. Increases in unemployment had a large inequality-increasing effect, while changes in both absolute and relative income poverty and richness had no or little impact. The decompositions based on RIF regressions have been recently also used to investigate happiness inequality in China (Yang et al. 2015) and Japan (Niimi 2015) . Finally, Goff et 4 al. (2016) argued recently that happiness inequality affects negatively average happiness and social trust more strongly than income inequality does.
In comparison with relatively rich literature on happiness inequality, the research on happiness poverty is rather scarce. Binder and Coad (2011) have applied quantile regression techniques to British data for 2006 to study correlates of happiness at different quantiles of happiness distribution. Their major findings include decreasing importance of income, health status and social factors with increasing quantiles of happiness, as well as positive association between education and happiness at lower quantiles, but a negative one at higher ones. Lelkes (2013) have used data from ESS pooled for 29 European countries observed in 2008/2009. The ESS contained both life satisfaction and happiness questions, both coded on a scale from 0 (extremely dissatisfied or extremely unhappy) to 10 (extremely satisfied or extremely happy).
6 Lelkes (2013) have estimated regressions for both low life satisfaction and low happiness obtaining very similar results for both measures. As a threshold separating low values of happiness or life satisfaction she has chosen score equal to 3 and, in robustness analysis, equal to 5. The results for both thresholds were very close. The main results suggest that for the ESS sample in 2008/9 unhappiness and low life satisfaction are correlated positively with being in the first or second income quintile group, being unemployed or inactive, feeling lonely, having bad health, being a member of ethnic minority and being never or no longer married (separated, divorced or widowed).
The correlates of happiness poverty were also studied empirically by Kingdon and Knight (2006) and Wang et al. (2011) . The former study found that being dissatisfied or very dissatisfied with life in South Africa in 1993 is positively associated with income, living in urban area, being non-White and being unemployed. The latter paper investigated poor or very poo life satisfaction among the Chinese rural elderly population in 2006. The most significant correlates of unhappiness poverty included poor health and income poverty.
Finally, recently Bjørnskov and Ming-Chang (2015) have investigated the association between institutional factors and four categories of happiness (unhappy, moderately dissatisfied, moderately satisfied, and happy) using cross-country data from the WVS. They found that legal quality and social trust are correlated with less unhappiness for all countries. Democracy was found to reduce unhappiness only in rich countries, while religiosity has the same effect only in poor countries.
Happiness and unhappiness in Eastern Europe
The most well-known single fact about the evolution of happiness in Eastern European postcommunist countries is the "happiness gap" -a significant and persistent difference between average happiness in Eastern Europe and Western countries (Guriev and Zhuravskaya 2009, Djankov et al. 2016 ). Guriev and Zhuravskaya (2009) have used the WVS data to estimate the happiness gap for the post-communist transition countries. The subjective well-being question from the WVS they used concerned life satisfaction with answers coded on a scale from 0 to 10. The authors found that the average life satisfaction in transition countries was lower than the predicted value for all countries studied in the WVS by 1.4 points for the WVS wave 3 (1994 WVS wave 3 ( -1999 and by 1.13 points for the WVS wave 4 (1999-2003) . They suggested that the gap results from several factors: the depreciation of human capital stock accumulated under socialism in face of new market economy conditions, increasing income inequality, income volatility and uncertainty, changes in the aspiration level and the decrease in quality and quantity of public goods supply. Guriev and Zhuravskaya (2009) expected that the gap will slowly 5 disappear with continued economic growth and convergence of the GDP in Eastern Europe to the Western levels. Recently, Djankov et al. (2016) have shown that although the gap narrowed somewhat between 1990 and the early 2000s, it still persists at a non-negligible level. The authors have found that the gap disappears if perceived political corruption and low quality of governance in Eastern Europe is taken into account.
The reminder of this section is devoted to the short review of the determinants of individual happiness in transition countries. We follow closely the recent review of Selezneva (2016) . Easterlin (2009) observed that life satisfaction in transition countries has followed closely changes in the GDP -it dropped sharply in the late 1980s and early 1990s and recovered as the GDP started to increase since the mid-or late-1990s. According to Easterlin (2009) , the drastic decline of life satisfaction in the early phase of transition should be explained by loss aversion associated with stagnating labour market and deteriorating social safety net. Easterlin (2009) suggested also that the transition brought life satisfaction gains rather to the young (under 30) persons -an observation confirmed also by Guriev and Zhuravskaya (2009) . Senik (2004) has found a negative happiness gap for women in Russia. This finding is opposite to those established for women in Western countries. However, later studies have suggested that this gender gap in happiness is closing in Russia (see Selezneva 2016) . As far as family relations are concerned, several studies observed a positive relationship between marriage and individual happiness in Poland (Angelescu 2008 ) and other transition countries (Selezneva 2016) . Baranowska and Matysiak (2011) have found that in Poland there is a positive effect of the first child on happiness of mothers, but only a small and temporary effect for fathers. For Russia, Mikucka (2011) established that life satisfaction does not increase with the birth of first child, but only after the birth of the second one. Contrary to what is characteristic for Western countries, she has also estimated a positive long-term effect of parenthood on life satisfaction in Russia.
The absolute income hypothesis, which suggests that for a given society richer people are happier than poorer people, have been confirmed for transition countries (Senik 2004 , Hayo 2007 . Similarly, the diminishing marginal utility hypothesis suggesting that there are decreasing gains from income for wealthy people was also verified positively. Guriev and Zhuravskaya (2009) and Frijters et al. (2006) found also that the effect of absolute income on happiness is much bigger in transition countries than in other countries. The familiar Easterlin paradox (showing that happiness and GDP are unrelated over time) did not occur in Russia (Frijters et al. 2006, Guriev and Zhuravskaya 2009) and some other transition countries, but not in all of them.
The relative income hypothesis assumes that there is a negative impact of the reference income on individual subjective well-being (Van Praag 2011). Reference income is the average income of the group of people to which a given person compares herself; the reference group may be defined as neighbours, colleagues, occupation group, age group, etc. Some positive evidence for relative income hypothesis was found in the poorest areas of transition countries (Selezneva 2016) . However, for several richer post-communist countries Senik (2004 Senik ( , 2008 verified the existence of the so-called tunnel effect, which violates the relative income hypothesis. This effect suggest that the growing income of the reference group can be interpreted by members of this group as a sign of positive expectations about their own incomes in near future. Senik (2004 Senik ( , 2008 have shown that the "tunnel" effect operated in Russia, Hungary and Poland from the mid-to late 1990s.
The evidence that unemployment was associated with lower happiness in transition countries was provided, among others, by Hayo and Seifert (2003) . For Poland, Angelescu (2008) found that the trend in life satisfaction mirrored rather the evolution of the unemployment rate than that of the GDP. In Russia during the 1990s, inactivity was associated with 6 higher happiness than working with arrears and unemployment, but in other countries including Poland labour market participants were on average happier than inactive persons (Selezneva 2016) .
A well-known finding from happiness economics literature is that happiness is highly correlated with health (see, e.g., Dolan et al. 2008 ). In the context of transition countries, Kolosnitsyna et al. (2014) have found that self-rated health is one of the strongest predictors of happiness among older Russians. Graham and Felton (2005) estimated the relationship between happiness and being overweight or obese in Russia over 1995-2001. A surprising result was that in Russia there was a positive relationship between obesity and happiness. There was no robust effect of being overweight on happiness. The authors suggested that these results are driven by the fact that obesity (especially among men) in Russia was more widespread among richer people. Bartolini et al. (2015) have shown that social capital (as proxied by social trust) is an important determinant of happiness in transition countries. In fact, over the medium run (4-6 years) social capital contributes to happiness as much as the GDP. Popova (2014) has found that religiosity insures against drop in happiness and helps to have positive perceptions of economic and political situation in times of reforms.
7 Okulicz-Kozaryn (2015) stressed the importance of self-reported freedom on life satisfaction in transition countries. Several papers (e.g. Hayo 2007 ) have also shown that in transition countries people living in rural areas are happier than those living in more urbanized areas or in big cities. This can be explained by lower cost of living in rural areas and smaller cities and by faster pace of changes in the aspiration level of people living in big cities.
Finally, Sanfey and Teksoz (2007) and Guriev and Zhuravskaya (2009) have found a negative link between income inequality and happiness in transition countries. This may be a consequence of huge increases in income inequality, especially during the early transition in 1990s. Milanovic (1999) estimated that the Gini index grew in Russia from 0.22 to 0.52 between 1989 and 1996, while from 0.25 to 0.36 in the same period in Poland. 8 Responding to this inequality spike, Polish citizens stopped to perceive inequality as a signal of increasing opportunities and started to express significant aversion to inequality in the second half of the 1990s (Grosfeld and Senik 2008) . Recently, Cojocaru (2014) has studied the relationship between inequality aversion and life satisfaction using survey data for 27 transition countries from the first round of the Life in Transition Survey conducted by the EBRD and the World Bank in 2006.
9 He found that relative deprivation within reference groups (individuals within given census enumeration areas) is negatively correlated with life satisfaction for transition countries, while there is no link between life satisfaction and aggregate inequality measured on the country level.
Methods
One of the major methodological issues related to the problem of measuring inequality of happiness is the fact that self-reported variables are measured on the ordinal scale, while most of the existing inequality measures are suitable only for cardinal variables such as income or 7 Notice, however, that Djankov et al. (2016) show that Eastern Orthodox religion accounts for about 30% of the happiness gap between Eastern Europe and Western countries. This may be due to the emphasis of this religion on such practices as fasting, reflection and prayer. 8 As shown by Ferreira and Ravallion (2009) and Alvaredo and Gasparini (2015) , absolute income poverty increased in Eastern Europe in the early 1990s, but started to fall rapidly since the mid-1990s or after 1998 in Russia. 9 Cojocaru and Diagne (2015) and Nikolova and Sanfey (2016) have studied the consistency and reliability of life satisfaction data collected in Life in Transition Survey. 7 consumption expenditure. Some of the relevant research argues that since treating happiness as either cardinal or ordinal does not matter empirically much in regression models explaining happiness (Ferrer-i-Carbonell and Frijters 2004) , one can simply assume cardinality of happiness and apply standard inequality measures as the Gini index or variance. Other approaches rely on using special ordinal inequality measures that where explicitly designed for variables measured on the ordinal scale (see, e.g., Dutta and Foster 2013) . However, in this paper we are dealing with the problem of happiness poverty (unhappiness), which does not require the assumption of happiness cardinality. Our dependent variable is an unhappiness rate defined as a proportion of unhappy persons in the population. For a numerical happiness scale s = (a, …, k, … b), where a represents a number assigned to the lowest state of happiness and b denotes the highest state of happiness, k represents a chosen unhappiness threshold and the unhappiness rate is the proportion of population with self-rated happiness score equal or less than k. Notice, that there may be several sensible choices of k, especially for happiness scales with higher values of b. 10 We further discuss our choice of k in section 4, when presenting our happiness data for Poland and Russia.
In order to identify factors that are associated with changes in unhappiness over time, we use a variant of multivariate regression-based decomposition techniques, which are routinely applied in labour economics and income distribution literature to account for changes in mean outcomes (e.g. wages) between various socio-economic groups (e.g. men versus women) or for changes in these outcomes over time. In case of decomposing differences in mean outcomes between groups or over time, this approach is known as the Oaxaca-Blinder methodology (Oaxaca 1973 , Blinder 1973 . The methodology allows to partition the observed differences in a mean outcome (wage, self-rated happiness or health, etc.) between groups or over time into a component attributable to differences in the observed characteristics (i.e. individual demographic, economic or educational attributes) and a component attributable to differences in the returns to these characteristics. The characteristics component is often also called the endowments effect, while the latter is called the coefficients effect.
The original Oaxaca-Blinder methodology based on linear regression models is designed for decomposing differences in mean outcomes between groups or over time. However, in this paper we are rather concerned with decomposing changes in the incidence of unhappiness (or poverty in terms of self-rated happiness) over time. To this end, we can use an extension of the Oaxaca-Blinder approach to non-linear models, which has been used, among others, to study the differences in income poverty incidence (Bhaumik et al. 2006 , Gradín 2009 . In our context, we are interested in explaining changes in the probability of reporting low level of happiness (H), Pr(H≤k), where k is the chosen cut-off level separating individuals with low happiness from individuals with medium or high level of happiness. Under a logit probability model, the likelihood of a person i having a low level of happiness in time t, ( ), can be written as:
where F is the logistic probabilistic cumulative distribution, is a vector of independent variables or characteristics describing the individual i in period t, and ̂ is the vector of estimated coefficients or returns to these characteristics. The logit regressions (1) are estimated separately for Poland and Russia and for each period under study. The straightforward statistical specification (1) allows for measuring the association between unhappiness and each individual attribute included in X when other individual characteristics are controlled for, but 8 of course precludes inference about the direction of causality between happiness and factors included in X.
For the logit model, the incidence of unhappiness in period t, , is equal to the average predicted probability of having low happiness (see, e.g, Bhaumik et al. 2006) 11 :
(2) Using property (2), the difference between the incidence of unhappiness observed in two periods t = 0 and t = 1,
can be decomposed into the aggregate characteristics or endowments effect, E, and aggregate coefficients effect, C: (4), we assume that period 1 is the comparison period and period 0 is the reference period.
12 From this perspective, E represents a counterfactual difference over time in unhappiness if the distribution of covariates in period 1 would be as in period 0. On the other hand, the effect C reflects a counterfactual difference over time in UH if in period 0 coefficients associated with covariates (or returns to the elements of X) would be such as in the period 1.
Equation (4) gives the aggregate decomposition of a change in the outcome over time. In order to identify the contribution of each individual covariate to the change in the observed difference in UH, one needs to perform a detailed decomposition. The detailed decomposition allows to partition the aggregate effects E and C into individual effects Eg and Cg, g = 1, …, G, representing the contributions of an individual gth element of X to the aggregate effects E and C. In case of regression-based decompositions based on non-linear models such as the logit, a useful detailed decomposition was proposed by Yun (2004) ; see also Bhaumik et al. (2006) and Powers et al. (2011) . This approach relies on a system of weights associated with the contribution of each covariate to E and C. These weights are obtained by approximating the value of the average of function ( ̅̅̅̅̅̅̅ ) with the value of the function evaluated at the average values of the elements of X, ( ̅ ), and applying a first-order Taylor linearization of equation (4) around ̅ 1 1 and ̅ 0 0 to get the individual characteristics and coefficients effects, respectively. The weights derived in Yun (2004) for E are given by:
while the weights for C are:
The overall change in unhappiness rate over time can be expressed as a weighted sum of individual contributions of each covariate in the following way:
The weights (5) and (6) are equal to the proportional contribution of each covariate to the aggregate effects E and C obtained in a linear regression framework. They are thus easy to interpret and straightforward to compute as well. Moreover, the approach of Yun (2004) avoids the path dependency problem of other decomposition methods based on non-linear models, which appears when the values of characteristics and coefficients associated with one period of analysis need to be sequentially replaced with the corresponding values from the other period of analysis. The detailed decomposition using weights (5) and (6) is invariant to the order of inclusion of variables into the decomposition. Another advantage of the approach is that it is invariant to the scale of covariates. It is also convenient that the decomposition (7) reduces to the Oaxaca-Blinder methodology, if the linear regression model is applied. Finally, the standard errors for all elements of the decomposition can be easily computed using the delta method (Powers et al. 2011) .
A very well-known problem related to the detailed decomposition like (7) is the fact that the individual coefficients effects are not invariant to the choice of the reference (or omitted) category, when categorical variables (with more than two categories) are used as elements of X (Yun 2005) . This is due to the impossibility of distinguishing between the part of the observed difference in outcome which is captured by the difference in models' intercepts (and therefore unexplained by the decomposition) and the part attributed to differences in the coefficient of the reference category. Changing the reference category for a given variable with more than two categories will lead to a change in the sum of coefficients effects for this variable. This seems to be undesirable as the choice of the reference category is often rather arbitrary -for example in case of variables such as marital status, type of residence, ethnic group, etc. In order to overcome this problem, we use a solution proposed by Yun (2005 Yun ( , 2008 . According to his proposal, the problem of identification of the coefficients for all dummy variables including the omitted category can be resolved by averaging all estimated coefficients of a set of dummy variables while permuting the reference groups. The coefficients for the dummy variables can be then expressed as deviations from the coefficients' overall mean. Specifically, for a categorical variable with L levels, the estimated coefficients 0 , … , with 0 being the intercept and 1 constrained to zero are transformed to ̃0 , … ,̃ by imposing the restriction ∑= 1 = 0. The normalized coefficients are defined as:
The Yun normalization given in (8) is invariant to the choice of the reference category in calculating the contribution of as set of dummy variables representing a categorical variable to the detailed coefficients effects. It has also the advantage of not affecting the computation of detailed characteristics effects and coefficients effects of continuous variables. The results of the detailed decompositions based on (8) are equal to the arithmetical average of a series of decompositions in which every category is sequentially used as the reference category. Notice that the application of the Yun's (2005) normalization to the decomposition (7) leads to the identification of the detailed characteristics and coefficients effects for each category of a categorical variable, including the original reference category.
The decomposition of changes in unhappiness (7) is based on simple regression models (1) and provides information about how a given factor determining individual happiness accounts for unhappiness changes while controlling for other factors. It must be stressed here, however, that the simple specification (1) precludes treating the established correlation between unhappiness changes and its covariates as a causal relationship. 13 The reverse causality from unhappiness to household and individual characteristics such as income poverty or unemployment cannot be excluded. Therefore, we treat our results as showing only correlations, 10 not causality. Still, using the decomposition (7) allows to separate the "contributions" to changes in unhappiness of individual happiness-affecting factors, while other factors are also controlled for.
The decomposition (7) proposed by Yun (2005) has been applied recently not only in the context of accounting for differences in income poverty (see, e.g., Gradín 2009 Gradín , 2012 , but also in research on health. Powers (2016) has used it to investigate the differences in infant mortality rates between older non-Hispanic whites and Mexican-origin women in Mexico. Zhang et al. (2015) have decomposed the gender gap in self-rated health in China. Finally, Taber et al. (2016) used the decomposition to study the race and gender differences in adolescent obesity in the United States.
Data and descriptive findings
The Russian Longitudinal Monitoring Survey (RLMS)
For Russia, we use data from the Russian Longitudinal Monitoring Survey (RLMS), which is a nationally representative panel survey designed to measure the effects of the economic transformation on the well-being of Russians. The survey started in 1992, but its Phase 1 conducted between 1992 and 1994 is considered unreliable. Phase 2 was conducted annually between 1994 and 2014. The initial sample was 4,000 households chosen using a multistage sample design with 98 primary sampling units. More information about the survey and its design is provided by Kozyreva et al. (2016) .
14 The data from the RLMS have been extensively used in investigating happiness in Russia (see, e.g., Graham et al. 2004 , Senik 2004 , Frijters et al. 2006 . In our application, we use the cross-sectional version of the RLMS and apply cross-sectional weights in all calculations. For our decomposition analyses, we use samples for 1994 and 2014 and restrict them to individuals aged 18-64. This gives us 6,545 observations in 1994 and 7,794 observations in 2014.
The RLMS includes the following question about self-reported life satisfaction: "To what extend are you satisfied with your life in general at the present time?", with answers coded on a five-point ordinal scale: fully satisfied (assigned numerical value of 4), rather satisfied (3), neither satisfied or dissatisfied (2), less than satisfied (1) and, not at all satisfied (0). The distribution of respondents falling in each happiness category between 1994 and 2014 is shown on Figure 1 . As the justification of the appropriate unhappiness cut-off is beyond the scope of this paper, we perform our analysis for Russia for each of the three lowest happiness cut-offs in the RLMS ("not at all satisfied", "less than satisfied", "neither satisfied or dissatisfied").
[Please, insert Figure 1 about here] In our decomposition analyses identifying correlates of unhappiness, we use the standard variables applied previously in the studies searching for determinants of happiness in Eastern Europe (see review in section 2.2). We therefore include variables related to gender, age, education, monthly equivalized real income level, self-rated health, obesity and overweight status, labour market characteristics, place of residence, marital status, parenthood, nationality and wealth ("having savings" and "owing house" -dummy variables equal to 1 if the respondent, respectively, has savings and owns her housing). 15 In order to account for income inequality on the level of individual respondent, we follow Becchetti et al. (2014) in constructing two dummy variables describing if the respondent is poor (income less than 60% of the overall median income in the sample) or rich (income higher than 200% of the overall median income). Further, the impact of relative income is considered through computing median income of the reference group (defined as a group of individuals with the same gender, age class and education category) and using it to construct variables describing states of being relatively poor and relatively rich. "Relatively poor" is defined as having income lower than 60% of the reference income, while "relatively rich" as having income greater than 200% of the reference income. We also include regional dummies in all decomposition analyses.
The descriptive statistics for all variables used in the decomposition of changes in unhappiness in Russia are presented in Table 1 .
[Please, insert Table 1 about here]
The Polish Social Diagnosis survey
The data for Poland come from the Social Diagnosis (SD) project, which is a nationally representative panel survey collecting information on objective and subjective determinants of quality of life in Poland (Czapiński and Panek 2015) . 16 The first round of the SD was conducted in 2000, while the subsequent rounds took place every second year starting from 2003. The initial sample was 3005 households with 6614 adult respondents. A big refreshment sample was added to the survey in 2009 -the sample size in this year increased to 12,380 households with 26,243 adult respondents. The SD uses a two-stage stratified sampling method with stratification by voivodships and the class of the place of residence (see Czapiński and Panek 2015 for more details). For the purpose of estimating trends in unhappiness, we have used also a predecessor survey for the SD, the Polish General Survey of Quality of Life (PGSQL) (Czapiński 1998 ), which had a very similar sample design to the SD. However, in our decomposition exercises we use only data from the SD survey (for the years 2000 and 2015). The sample is limited to respondents aged 18-64, which gives 5,075 observations for 2000 and 14,709 observations for 2015. We apply cross-sectional weights supplied in the SD in all our estimations.
The happiness question in the SD was adapted from the WVS and takes the form: "Taking everything into account, how would you assess your life -would you say that you are…" with responses coded on a four-point scale: very happy, quite happy, not very happy, unhappy.
17 Unfortunately, in the first wave of the SD and in several waves of the PGSQL the two lowest happiness categories (not very happy, unhappy) were merged into one (not very happy). Therefore, in order to use a consistent measure of happiness we have merged the two lowest happiness categories also for all other waves of the SD survey and use a happiness variable with 3-point response scale: very happy, quite happy, not very happy or unhappy. The obvious candidate for unhappiness threshold is therefore the lowest happiness categorynot very happy or unhappy. The distribution of respondents falling in each happiness category for Poland between 1991 and 2015 is shown on Figure 2 .
[Please insert Figure 2 about here] For Poland, we use a similar set of covariates as for Russia. However, we do not have information about obesity or overweight and the ownership of respondent's housing. The SD survey allows to add variables related to religiosity (intensity of participation in religious ser-vices) and social capital (number of friends and dummy variable taking value of one if the respondent is doing community work). 18 Regional dummies were used in all decomposition analyses for Poland.
The descriptive statistics for all variables used in the decomposition of changes in unhappiness in Poland between 2000 and 2015 are presented in Table 2 .
[Please, insert Table 2 about here]
Trends in mean happiness and unhappiness
Figure 3 traces the evolution of the log real GDP per capita and mean happiness for both countries, with changes normalized to the initial year of analysis (1994 for Russia and 1991 for Poland). For Russia, the real GDP per capita was declining for most of the 1990s and started to grow consistently only since 1998. Log GDP per capita increased by about 7.5% over 1994-2014, while the GDP per capita by about 86%. Mean happiness grew in the same period by 47%, although until 1998 it was falling more rapidly than the log GDP per capita. The figure suggests, similarly to Frijters et al. (2006) and Guriev and Zhuravskaya (2009) , that there is no evidence for the Easterlin paradox for Russia, at least if the period 1994-2014 is considered.
[Please insert Figure 3 about here] The log GDP per capita for Poland increased by about 10% over 1991-2015, while the GDP per capita by 165%. Mean happiness grew in the same period by 13.4%, although between 1991 and 2003 it followed the up and down pattern despite continuous growth of the GDP. This behaviour of mean happiness can be explained by noting that despite positive economic growth in Poland after 1992, unemployment rate was fluctuating between 10 and 20% over 1992-2002 (for example it grew from 10.7% in 1998 to 19.9% in 2002) (see also Angelescu 2008) . Figure 3 does not give support for the existence of the Easterlin paradox in Poland as over the period under study mean happiness has in general followed growth in the GDP per capita. Figure 4 uses comparable data from the WVS to show the differences in mean happiness and in the unhappiness rates between Eastern European countries and the West. The West is represented by average of estimates for Sweden and Switzerland -countries that consistently rank among the happiest ten countries in the world. For example, Switzerland ranks second, while Sweden is tenth happiest country in the recent World Happiness Report 2016 ). The comparison of mean happiness shows that the happiness gap between Eastern and Western Europe described, among others, by Guriev and Zhuravskaya (2009) and Djankov et al. (2016) is slowly closing for Poland and, since the mid-to-late 1990s somewhat faster for Russia. However, the gap for Russia is still slightly more than twice the gap for Poland. The right panel of Figure 4 traces the evolution of the proportion of unhappy people in the compared countries. According to the WVS data, the unhappiness rate in Poland was slightly growing in the early 1990s, but since the mid-1990s is fell considerably reaching Western levels in early 2010s. A similar pattern of change can be observed for Russia, but the reduced unhappiness rate in early 2010s is still about 4 times higher than in Poland.
[Please insert Figure 4 about here] Trends in unhappiness rates for Poland and Russia computed using, respectively, the SD survey and the RLMS are shown on Figure 5 . In case of Poland, we observe an initial spike in unhappiness over 1991-1992, followed by some fluctuations up to 2003 and a steady decline in unhappiness after 2003. Broadly similar trends for Poland have been found by 13 Bjørnskov and Ming-Chang (2015, Figure 2 ) based on the WVS data. For Russia, the behaviour of unhappiness rates, especially P(k=2) and P(k=3), is pretty similar to that of Poland. In case of the unhappiness rate with the lowest unhappiness threshold, P(k=1), we observe a huge spike between 1994 and 1998, followed by a radical decline up to 2002 and a somewhat slower decrease up to 2014.
[Please, insert Figure 5 about here] Tables 3-4 provide estimates of unhappiness rates for Poland and Russia, together with their estimated standard errors. 19 All declines in unhappiness rates for the periods under study (2000 ( for Poland and 1994 for Russia) are statistically significant. It must be also stressed here that these declines are quantitatively huge -the unhappiness rate has fallen by 56% for Poland and within 46-75% range for Russia. These estimates suggest that from the point of view of progress in minimizing misery both countries have done extremely well. On the other hand, there is still about 15% of Poles, who consider themselves unhappy in 2015. The proportion of unhappy Russians in 2014 depends on the unhappiness threshold assumed and varies from as little as 6% (k = 1) to as much as 47% (k = 3).
[Please, insert Tables 3-4 about here]
Decomposition of over time changes in unhappiness rates
We now turn to presenting and discussing the results of decomposing changes in unhappiness rates over time. The results of logit regressions for unhappiness in each period are presented in Tables A2 (Poland) and A3 (Russia) in the Appendix. In case of Poland (observed in 2000 and 2015), we observe that the probability of being unhappy is greater for older age groups (aged 45-54 and 55-64), respondents with low education, bad self-reported health, unemployed, inactive, no longer married, and not taking part in religious services or taking part less intensively in those services. On the other hand, younger respondents are much less often unhappy as well as those with good health, married, having greater number of friends and having savings. Income level plays a protecting role against unhappiness. Being poor was not associated with unhappiness in a statistically significant way in 1991 and 2000, but it has become positively related to unhappiness in 2015. A surprising result is that being relatively rich (rich with respect to the reference group) is positively related to unhappiness in 2015. Most of these results are qualitatively consistent with the previous literature on the correlates of happiness in transition countries (Hayo 2007 , Sanfey and Teskoz 2007 , Selezneva 2011 , as well as with the Lelkes' (2013) results concerning the correlates of unhappiness obtained for a sample of 29 European countries. The logit regressions for Russia (Table A3 in the Appendix) show that in both periods under study and for all three unhappiness measures younger people (especially the 18-24 age group) were less unhappy than others, as well as those with high level of education, with good self-rated health, married and having savings. Bad self-rated health and unemployment have significant positive relationship with unhappiness. Similarly to Poland, the absolute income level is negatively associated with the probability of being unhappy. Being poor is positively related to unhappiness, but the effect is not always statistically significant. Being rich had a protective role against unhappiness in 1994, but not in 2014. For the P(k=1) measure, being relatively rich seems to have a strong negative effect for the probability of unhappiness. However, the effect disappears for unhappiness measures with higher unhappiness thresholds. Obesity is negatively related to unhappiness for two unhappiness measures in 1994, but not in 2014. On the other hand, being overweight has an unhappiness-protecting effect for two measures of unhappiness in 2014, but not in 1994. It seems also that the significance of inactivity and disability for unhappiness has changed between 1994 and 2014 -these characteristics were rather insignificant in 1994, but have become very significant correlates of unhappiness in 2014. There was also a significant penalty for women with respect to the probability of unhappiness in 1994, which disappeared two decades later.
The results of the decomposition analysis for unhappiness change in Poland are reported in Table 5 . The overall change in unhappiness is equal to -19.7 percentage points. Most of it is accounted for by the aggregate coefficients effect -14.2 (or 72.3% of the overall change in unhappiness). Aggregate characteristics (endowments) effect contributes 27.7% to the overall unhappiness change. The coefficient effect for the constant, which represents the correlates of unhappiness unaccounted for in our models -omitted socio-economic variables, psychological or biological factors -is equal to 83% of the overall fall in unhappiness. Negative (positive) values for an estimate of a given endowment or coefficient effect mean that the factor contributed to the decrease (increase) in unhappiness over time.
[Please, insert Table 5 about here] Among the significant individual endowment effects, we find that the growth in real income level accounts for about 14% of the overall unhappiness decline. At the same time, the return to income as an unhappiness-protecting factor has fallen over 2000-2015 (see Table A2 in the Appendix). In consequence, the coefficient effect for income level is unhappinessincreasing. In fact, since the coefficient effect for income level was higher (-28.1% of the total unhappiness fall) than the endowment effect (14.2%), the total contribution of income to unhappiness reduction is negative (-13.9%), that is unhappiness-increasing. This means that the benefits for unhappiness reduction from almost doubling of the mean real income in Poland over 2000-2015 were outweighed by the reduced strength of income as an unhappinessprotecting factor. This may simply reflect a weakening link between income and (un)happiness in Poland as income surpassed some threshold level. After this threshold was reached, other (non-monetary) factors started to play a more significant role as determinants of unhappiness.
A similar story can be told about the role of bad self-rated health in Poland -reduction in the proportion of persons with bad health was outdone by increasing penalty for bad health. On the other hand, the endowment and coefficient effects for good self-rated health were working in the same direction -the growing proportion of Poles with good self-rated health (growth by 10 percentage points over [2000] [2001] [2002] [2003] [2004] [2005] [2006] [2007] [2008] [2009] [2010] [2011] [2012] [2013] [2014] [2015] can explain in overall about 15.5% of the total happiness fall.
Other statistically significant endowment effects that were unhappiness-reducing include number of friends (2.5% of the total happiness fall) and having savings (3.8%). The falling proportion of married persons is associated with the increase of unhappiness (3.4% of the unhappiness change). All these effects are relatively small.
Turning to the estimates of coefficient effects for Poland, we can see that the increasing premium for having children had a relatively big impact on unhappiness reduction (18.6% of the total unhappiness fall). This might be explained by a turn to more family-friendly socio-economic policy in Poland after 2005 (Szelewa 2017) . In this period, maternity leave was extended from 16 to 20 weeks, new paid parental leave and insurance schemes as well as child tax credits were introduced. Among other coefficient effects, return to being poor was increasing unhappiness (6.4% of the total unhappiness change). This is associated with the fact that in 2015 income poverty has become a strong predictor of unhappiness (see Table A2 in the Appendix). The opposite effect is found for being poor with respect to the reference group -the return to this factor was unhappiness-reducing (5.9% of total unhappiness fall) as being relatively poor was a significant correlate of unhappiness in 2000, but not in 2015. Other significant coefficient effects that reduced unhappiness include return to living in rural area 15 (responsible for 6.8% of the total unhappiness reduction) and the premium for participating in religious services once per week (6.1%).
Overall, our analysis suggests that observable socio-economic and demographic covariates account for the profound unhappiness reduction in Poland only to a moderate degree. The positive contribution of income level growth was outdone by income losing its significance as an unhappiness-protecting factor. The total contribution of good self-rated health accounts for 15.5% of the unhappiness fall, while increasing premium for having children for 18.6%
We now turn to the results of decomposition of unhappiness changes that occurred over the last two decades in Russia. Table 6 presents results for P(k=2) measure, that is unhappiness rate with unhappiness cut-off set to "less than satisfied". Results for the other two unhappiness measures, P(k=1) and P(k=3), are broadly similar (see Table A4 in the Appendix). The relative contribution of the total characteristics vs total coefficients effect to the overall unhappiness change for Russia is similar to that for Poland. The former effect accounts for about 20% of the unhappiness decline, while the latter for about 80%. However, in case of Russia the constant accounts only for about 37% of the observed unhappiness change for P(k=2) and has even less explanatory power in case of the other unhappiness measures.
[Please, insert Table 6 about here] The single most important factor determining the fall in unhappiness in Russia is the growth of income level. Both endowment and coefficient effects for this factor are significant and similar in size (-6.19 and -6.14) . Overall, changes in income level account for 29.2% of the overall reduction in unhappiness as measured by P(k=2). The size of this effect is similar to those found in case of measuring the impact of absolute income growth on average life satisfaction in Russia (Frijters et al. 2006, Guriev and Zhuravskaya 2009) .
Among statistically significant individual characteristics effects, there is a small unhappiness-reducing effect of increased (by 15 percentage points) proportion of respondents reporting good health (see Table 1 ), and a small unhappiness-increasing effect of largely reduced (by 18 percentage points) proportion of married Russians. Each of these effects accounts for only about 3% of the overall unhappiness fall.
Turning now to results for coefficients effects, we note that after income the biggest role in unhappiness reduction was played by returns to being employed (13.4% of the fall in unhappiness). Much smaller, but significant unhappiness-reducing effects were due to falling unhappiness penalty for women (see Table 2A in the Appendix) and reduced probability of being unhappy for overweight persons. Finally, we can see also that being rich had a relatively small (5% of the overall unhappiness reduction) unhappiness-increasing effect, which was due to a disappearing negative correlation between being rich and being unhappy (see Table  2A in the Appendix). This last result is even stronger (11.7% of the total unhappiness reduction) for the unhappiness measure with the lower cut-off, P(k=1). It is also worth noting that in case of the P(k=1) measure, being of (self-assessed) Russian nationality was strongly increasing unhappiness (accounting for 35.3% of the overall unhappiness change). Finally, although the aggregate coefficients effect for regional dummies is not significant for the P(k=2) measure, it is significant and accounts for a rather large part of the total unhappiness fall for the two other unhappiness measures studied (see Table A4 in the Appendix). This calls for a more research on the dynamics of happiness and unhappiness in Russia on the regional level.
Overall, our results for Russia show that the biggest role in the great progress in unhappiness reduction was played by income growth and increasing returns to income and employment as unhappiness-protecting factors.
The major difference between Poland and Russia with respect to factors contributing to the spectacular unhappiness reductions observed in these countries seems to be the role of changes in real household incomes. In Poland, the process of transformation from socialism to 16 market economy brought at the beginning a significant decline in the average household income -about 26% between 1988 and 1991 (Keane and Prasad 2002) -which was, however, limited only to the initial period of the transition. Since 1992, Poland has experienced uninterrupted growth in household incomes. On the other hand, in Russia the mean real household income has dropped by about 52% between 1994 and 1998 and recovered to the 1994 level only by 2001 20 . After the very fast growth over 2000-2008, the global financial crisis has hit Russian households rather hard (a fall in the average real household income by 12.6% over [2008] [2009] . The average household income returned to the 2008 level only by 2012. These developments suggest that the evolution of household incomes (both permanent and transitory income components) during the Russian transformation is characterized by much higher volatility as compared with other countries (see also Gorodnichenko et al. 2010 ). This may explain why there seems to be a more significant association between changes in incomes and changes in unhappiness for Russia than for Poland. The steady growth of incomes experienced in the last 25 years could provide a feeling of increasing economic security among the Poles and make more room for other (non-material) factors as more significant determinants of changes in unhappiness. 21 In Russia, higher volatility of household incomes and occurrence of significant income shocks still preserves a strong relationship between changes in incomes and changes in unhappiness.
Conclusions
This paper contributes to the literature on self-rated happiness and unhappiness by investigating the microeconomic determinants of changes in unhappiness over time. We have used a detailed decomposition methodology that allows to split the overall change in unhappiness into the detailed characteristics and coefficients effects. Our analysis was performed for two important post-communist countries -Poland and Russia, observed from the early 1990s to the mid-2010s. The results show that both countries achieved spectacular successes in unhappiness reduction. In Poland, the unhappiness rate dropped by 56%, while in Russia by 46-75% depending on the unhappiness threshold chosen.
Our decomposition analyses show that unhappiness reduction in Eastern Europe was mostly driven by coefficients effects, while characteristics played a small, but a nonnegligible role. In both countries, income growth alone accounted for about 15% of the unhappiness reduction. However, in Russia this effect was doubled by growing return to income as an unhappiness-protecting factor, while in Poland income level has been losing this protecting power and in effect income played an unhappiness-increasing role. In Russia, another strong unhappiness-protecting factor was return to employment. For Poland, observable demographic and socio-economic factors explain much less of the unhappiness reduction than for Russia. However, we have found that in Poland good self-rated health and having children explained between 15 and 20% of the unhappiness reduction.
The policy implications of our analysis seem to be country-specific. In Poland, the role of policy in further reduction of unhappiness seems to be rather limited, but improvements in health and family-oriented policies could lower the unhappiness rate even more. For Russia, it 20 Own calculation using the RLMS data. See also Gorodnichenko et al. (2010) . 21 Zagórski (2011) uses average happiness and average income data to suggest that the diminishing importance of income for happiness in Poland is due to the change in value systems of individuals in a direction consistent with the modernization theory (i.e. from materialist values to post-materialist values). Our analysis, based on micro data, shows that indeed the relationship between income and happiness/unhappiness in Poland has become weaker over time. However, since data on individual values are not available in the SD survey, we are unable to test whether Zagórski's hypothesis is correct. seems that policies boosting income growth and employment could lead not only to better economic results, but also to some additional fall in unhappiness. Poland (1991 Poland ( -2015 and Russia (1994 Russia ( -2014 Source: own computation. Happiness data are taken from the RLMS (Russia) and the SD survey (Poland). Real GDP per capita data come from the IMF and the World Bank World Development Indicators. Note: Happiness question is: "Taking all things together, would you say you are" with answers on a 4-point scale: very happy, quite happy, not very happy, not at all happy. Share of unhappy respondents shown on the right panel is defined as the proportion of respondents reporting that they are not very happy or not at all happy. Source: World Values Survey. Poland (1991 Poland ( -2015 and Russia (1994 Russia ( -2014 Note: The figure for Poland shows only the P(k=1) measure. Source: own computation. Happiness data are taken from the RLMS (Russia) and the SD survey (Poland). 7,794 Note: SD denotes the standard deviation. All statistics are weighted using cross-sectional survey weights. P(k=i) is the proportion of population reporting happiness equal or less to i. For Poland, i = 1 corresponds to respondents reporting that they are not very happy or unhappy. In case of Russia, i = 1 denotes category of respondents saying that they are not at all satisfied with their life, i = 2 -category of respondents who are at most less than satisfied with their life, and i = 3 -respondents who are at most neither satisfied or dissatisfied with their life. See section 4.1 and Source: own computation using data from the RLMS (Russia) and the SD survey (Poland). Note: Second rows in columns 2-3 show standard errors for estimates of unhappiness rates. P-value refers to the outcome of a test of the hypothesis about equality between unhappiness poverty rates observed in 1994 and 2014.
Source: own computation using data from the RLMS (Russia) and the SD survey (Poland). Table A4 . Decomposition of changes in unhappiness rates P(k=1) and P(k=3) for Russia between 1994 and 2014: endowments (E) and coefficients effects (C). The total change in unhappiness rate (UH) is -18.4 and -39.7 for P(k=2) and P(k=3), respectively. 
